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Regional-Segmentation Self-Adapting
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Abstract; To improve convergence and diversity of particle swarm optimization( PSO) ,an improved PSO which called re-
gional-segmentation self-adapting variation particle swarm optimization (RSVPSO) algorithm is introduced. Regional-segmenta-
tion is adopted in the algorithm,using information cross between particles ,narrow search region quickly ;combining with self-adap-
ting variation strategy in late iterations at the same time,improved capacity of jumping out local optimum trap and enhanced the
diversity of particles,reach the goal of optimization. The proposed algorithm is applied to eight test functions and compared with

the elite immune clonal selection co-evolutionary particle swarm optimization and so on. The results show that the proposed algo-

rithm has considerable improvement in the convergence speed,search accuracy ,optimum efficiency and so on.
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